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Abstract: Landslides recurrently impact the Italian territory, producing huge economic losses and
casualties. Because of this, there is a large demand for monitoring tools to support landslide
management strategies. Among the variety of remote sensing techniques, Interferometric Synthetic
Aperture Radar (InSAR) has become one of the most widely applied for landslide studies. This work
reviews a variety of InSAR-related applications for landslide studies in Italy. More than 250 papers
were analyzed in this review. The first application dates back to 1999. The average production of
InSAR-related papers for landslide studies is around 12 per year, with a peak of 37 papers in 2015.
Almost 70% of the papers are written by authors in academia. InSAR is used (i) for landslide back
analysis (3% of the papers); (ii) for landslide characterization (40% of the papers); (iii) as input for
landslide models (7% of the papers); (iv) to update landslide inventories (15% of the papers); (v) for
landslide mapping (32% of the papers), and (vi) for monitoring (3% of the papers). Sixty-eight
percent of the authors validated the satellite results with ground information or other remote sensing
data. Although well-known limitations exist, this bibliographic overview confirms that InSAR is a
consolidated tool for many landslide-related applications.
Keywords: landslide monitoring; landslide mapping; InSAR; Italy; multi-temporal SAR; risk
management; InSAR applications
1. Introduction
Landslides are responsible for huge human and economic losses worldwide, producing direct and
indirect impacts on the population and the local communities. Italy is one of the European countries
that is most severely and frequently hit by landslides, primarily triggered by heavy rainfalls [1] and
favored by its peculiar geological, morphological, and tectonic setting.
The Italian landslide inventory (IFFI, Inventario Fenomeni Franosi Italiani) includes more than
480,000 phenomena collected since 1999. The IFFI database covers almost 7% of the entire national
territory [2]. Known and most-of-all unknown or newly activated landslides have a considerable impact
on regional and local entities, posing a frequent and not totally forecastable risk to the population [3].
Brunetti et al. [1] reported that, in a 60-year time span between 1950 and 2009, more than 6000 people
were killed by landslides with an average of 16 deadly events per year. Some events such as the 1963
Vajont outburst, the 1987 Val di Pola landslide, or the 1998 Sarno mudslides caused thousands of
victims [4–6]. All the Italian regions are hit by landslides with different temporal frequency. Guzzetti [7]
collected thousands of events causing casualties and reported that Veneto (including almost 2000
Remote Sens. 2020, 12, 1351; doi:10.3390/rs12081351 www.mdpi.com/journal/remotesensing
Remote Sens. 2020, 12, 1351 2 of 29
victims for the Vajont outburst), Campania, and Lombardy are the regions that paid the highest human
cost. Landslide typology and occurrence are strongly related to the geological and tectonic setting.
Overall, rockfalls, rockslides, and rock avalanches in the Alpine arc and fast flows originated in volcanic
ashes in the Campania region are the most hazardous and impactful phenomena [7].
This brief overview of the economic and social impact of landslides in Italy shows the strong need
for proper monitoring tools that could support landslide risk management procedures and long-term
risk reduction practices.
The motion of a landslide can be analyzed by using ground-based and remotely sensed data [8].
The first group includes all the techniques exploiting instruments or sensors directly connected to the
terrain or installed on buildings/objects. In this case, the monitoring results are the direct reflection of
the motion undergone by the field instrumentation. The second group relies on the use of no-contact
techniques, e.g., on the use of active or passive sensors that receive and record a signal interacting with
the landslide surface or with objects involved by the landslide motion. The emitting/receiving sensor
can be ground-based or mounted on a drone, an aircraft, or a satellite.
In the last decade, Interferometric Synthetic Aperture Radar (InSAR) techniques have become
widely used and broadly recognized tools for landslide mapping and monitoring. This is mainly due to
the development of D-InSAR (Differential Interferometry) techniques that are based on the analysis of a
couple of radar images acquired by an SAR (Synthetic Aperture Radar) sensor. The primary goal of such
techniques is to derive an interferogram that expresses the phase difference for each image pixel between
two passages of the satellite on the same area. By using multiple SAR images and the interferograms
derived, it is possible to retrieve the temporal evolution of ground displacements over time. The time
series of deformation are extracted from those pixels of an SAR image maintaining an optimal level of
coherence (i.e., how stable the signal is) through the whole monitoring period. The selection of these
pixels can be performed by using various algorithms [9] usually grouped in Point-like (or Persistent)
Scatterers Interferometry (PSI [10]) and Distributed Scatterers Interferometry (DSI [11]) approaches.
The final output of these multi-temporal Advanced Differential InSAR (A-DInSAR) analyses is a
deformation map composed of thousands/millions of points, each one characterized by a value of
annual velocity and by a time series of displacement. This product is extremely useful for landslide
studies, since it grants millimeter accuracy and medium-to-high temporal and spatial resolution [12].
For a technical description of InSAR methodologies, we refer to [9,13,14]. In this document, we use
“InSAR” to refer to every type of interferometric technique (whether it is Differential or Advanced).
Some authors have already set up the scene for the application of remote sensing data for
landslide studies. Mantovani et al. [15], Metternicht et al. [16], Tofani et al. [17], and Scaioni et al. [18]
are all valuable examples of review papers describing the exploitation of remote sensing data in
landslide best practices. Wasowski and Bovenga [19] proposed a comprehensive work on the use
of interferometric products for landslide studies, highlighting the advantages and limitations of the
technique. InSAR has some widely recognized limiting factors such as (i) geometrical effects, (ii) snow
cover, (iii) phase aliasing, and (iv) the presence of vegetation or variable land cover. Despite its
drawbacks, the interferometric approach has some clear advantages: (i) great cost/benefit ratio, (ii) a
wide area coverage combined with millimeter accuracy, (ii) temporal repetitiveness (up to 6 days with
Sentinel-1 images), (iii) all-weather and day/night acquisitions, (iv) data coverage in inaccessible areas,
and (v) the possibility of back analyzing phenomena from 1992 (the first year of acquisition of the
C-band satellite ERS 1). All these characteristics led to a wide exploitation of interferometric products
over the last 10 years. The diffusion of InSAR products was certainly eased by the recent launch of
the Sentinel-1 constellation, which granted free access to radar images with a regular acquisition plan
entirely dedicated to scientific purposes [20].
This review is neither focused on technical aspects, nor on a general presentation of the InSAR
advantages and limitations. This paper is aimed to illustrate the role of satellite interferometry for
landslide monitoring and mapping in Italy, highlighting current applications and future perspectives.
Italy was chosen for several reasons: (i) it is one of the most landslide-prone countries in Europe [21];
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(ii) the country registers relevant human and economic losses related to landslide events every year [22];
(iii) as a consequence of the previous points, the request for landslide monitoring and mapping tools is
very high (including InSAR data) [17]; (iv) Italy has been the testing ground for several innovative
InSAR applications since early 2000; (v) many InSAR providers and InSAR-based research centers are
located in Italy, which is the primary target for their research activities; (vi) InSAR is a well-established
technique in Italy, being utilized with standardized procedures for many years by both scientists and
end users; (vii) three Italian regions are running landslide monitoring services based on InSAR data,
and a nationwide ground motion service will be implemented in the future. Therefore, Italy is one of
the best sample use cases to illustrate the past and current state of the InSAR technique applied to
landslide studies.
This review aims to testify where and how InSAR has been profitably used to study landslides in
Italy and to propose a temporal overview of InSAR-related studies over the last 20 years. Moreover,
the review illustrates the most common InSAR applications for landslide studies with a focus on the
evolution of the applications, following the technological advancements of the processing techniques
and of the acquisition capabilities of the radar sensors.
2. Data Collection
In this review work, we exploited the Google Scholar (GS) engine to collect all the possible scientific
contributions, where the authors exploited the InSAR technique to study landslides. We collected
original articles, book chapters, conference proceedings, and extended abstracts written in English and
published by international journals after peer review.
The data collection is based on the following searching criteria. The base level is constituted
by the region name in Italian and in English for those regions with a commonly used translation,
e.g., Toscana/Tuscany. Each regional name is connected to a double level of keywords. The first
level comprises the type of application, such as “landslide monitoring,” “landslide mapping,” and
“landslide detection.” The second level includes the keywords related to the technique or algorithm of
analysis, such as “satellite interferometry,” “InSAR” (and other derived acronyms such as A-DInSAR
or D-InSAR), “SBAS” (Small Baseline Subset), “PSI” (Persistent Scatterers Interferometry), and other
widely recognized acronyms as “SqueeSAR,” “IPTA” (Interferometric Point Target Analysis), or “CPT”
(Coherent Pixels Technique).
Google Scholar has been chosen because it is considered a “superset of Web of Science (WOS)
and Scopus, with substantial extra coverage” [23]. Martín-Martín et al. [23] report that the database of
articles included in the category Earth Sciences and Technology has a correspondence of 95% between GS
and WOS. The 5% difference is related to the fact that GS includes non-journal sources, such as theses.
GS is a powerful tool to analyze the existing literature in one specific field, as in our case, but it can
overestimate the number of citations of a single author. Thus, it should be used with caution when the
aim is to quantify authors/journals metrics [24]. GS certainly is less automatized than WOS, but is a
free source of information as complete as other databases [24].
The articles are stored in different folders connected to a summary table with different fields, such
as:
• The title of the document;
• Region;
• Toponym and municipality (for small scale works, we focused on the province or region);
• First author;
• Affiliation of the first author;
• Year of publication;
• Digital object identifier (DOI), when available;
• Type of InSAR approach and algorithm;
• Satellite and band;
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• Type of landslide monitored;
• Type of application. (We defined 5 classes: (1) back-analysis, (2) characterization, (3) landslide
inventory update, (4) mapping, and (5) monitoring. An article can be assigned to multiple
applications. A description of each class is given in Section 5.)
3. Temporal Evolution of the Scientific Production
A total of 253 documents was collected for this review. The first documents date back to early
2000, and the most recent ones were published in September 2019 (the end of the articles’ collection).
Figure 1 shows the temporal distribution of the scientific papers, with respect to the acquisition
band of the sensor. Due to the unavailability of other satellite platforms, all the papers published
before 2009 focus on C-band and before 2003 to ERS 1/2 images only.
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C-band images are the most widely adopted for InSAR-related landslide applications in Italy.
This is due to different factors, such as (i) the longer temporal coverage, (ii) the wider area capability,
(iii) the better performances in peri-urban areas, (iv) the recent launch of the Sentinel-1 constellation,
and (v) the free access to the PST-A products. X-band sensors, mainly COSMO-SkyMed, are starting to
be used more often, as shown by the growth of applications in the last five years. This is related to the
high value offered by X-band data in urban areas, and for single infrastructures monitoring. L-band
images are less frequently used; this is probably due to, e.g., the long revisit time of the first L-band
constellations and the image availability policy.
4. Spatial Distribution of the InSAR Applications
Figure 2 presents the regional and provincial distribution of the papers collected. It is worth
noting that multiple provinces can be the target of a single study. This is true for basin-scale works
and for articles showing multiple case studies. The Arno River Basin, including five different Tuscan
provinces, is an example of this [31–38]. Video S1 proposes an additional visual interpretation of the
temporal evolution of the scientific production at regional scale.
InSAR has been applied for landslide studies in all Italian regions except for Sardinia. The regions
with the highest number of applications are Sicily (35), Lombardy (26), and Tuscany (24). Of course, the
lack of applications does not imply a lower level of attention paid to landslides. Although uncommon,
some Italian provinces have an almost flat morphology (such as Southern Apulia or some coastal
provinces along the Adriatic coast). In other areas, where landslides can occur or have occurred,
interferometric products have simply not been chosen because of regional and local policies, due to,
e.g., a lack of awareness of existing InSAR technologies, or technical aspects related to the landslide
location and typology. Another factor is the inhomogeneous distribution of available radar imagery;
for instance, Sardinia was covered by only a few ERS 1/2 and COSMO frames before the launch
of Sentinel-1.
Messina (19) and Perugia (16) are the two Italian provinces with the highest number of
InSAR-related applications. In the last 10 years, the province of Messina has been periodically
affected by intense rainfall events that triggered several landslides and caused severe damage and
casualties. Most of the applications have been used in the municipalities of Giampilieri (e.g., [39–41])
and San Fratello (e.g., [40,42–46]) or in the Nebrodi range in general (e.g., [47–52]). In the Perugia
province, the Ivancich roto-translational landslide (Assisi municipality) has been widely studied with
the aid of interferometric products [53–60].
Sondrio (Lombardia, Northern Italy) is another province where interferometric data were
frequently used (15 papers published). This Alpine region is characterized by the presence of
several active landslides ranging between flank-scale Deep Seated Gravitational Slope Deformations
(DSGSD) to rockfalls and rockslides [60–66]. One of the first applications of InSAR to assess the
state of activity of a rockslide comes from this province (Ruinon landslide, Santa Caterina Valfurva
municipality [67–79]).
InSAR data have been widely used for landslide monitoring along the Alpine Arc, such as in
the Valle d’Aosta and Trentino-Alto Adige regions. Although different from a geological point of
view, the current morphology of both regions was shaped by post-glacial processes. Large DSGSD
and complex landslides, as well as rockfalls and rockslides, are led by the combination of glacial
debuttressing, post-glacial erosion, and current climatic regimes. In Valle d’Aosta, InSAR has been
exploited for regional and basin-to-valley-scale landslide mapping [70–74], as well as for single
landslide characterization and monitoring. The Bosmatto complex landslide is an example of such an
approach [75]. In Trentino-Alto Adige, the Corvara complex landslide (Bolzano Province) has been
widely studied by means of InSAR. Corner reflectors, specifically designed for the installation in a
high mountain environment, were deployed on the landslide to increase the number and quality of
measurement points [76–79]. A unique application of satellite interferometry comes from the Adige
River Valley (Lavini di Marco site, Trento Province [80]), where InSAR was used to study slope buckling.
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Piedmont is a region where landslides related to Alpine dynamics and shallow processes in hilly
landscapes coexist. Verbania, Torino, and Cuneo are mountain provinces where InSAR data were
exploited for landslide mappin [71–85]. The Langhe an Oltrepò Pavese Hills wer the target of
InSAR analyses a well [86–88].
whole Apennine Arc registers hundreds of landslides every year. The Apenn nes are
particularly prone to la dslides, because of their geological and geomorphological evolution.
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Although they have less energy of the relief with respect to the Alps, Apennines are dominated
from North to South by clayey formations. Neotectonics, land use changes, and agricultural practices
are other unfavorable conditions. Landslide characteristics differ locally, but their impact along the
Apennine Arc produces considerable economic and human losses.
In the Northern Apennines, Emilia Romagna and Liguria are two of the Italian regions paying a
high price in terms of landslide impact. In these regions, InSAR techniques were a possible mitigation
solution. In Emilia-Romagna, satellite-derived products were used for landslide mapping in the
provinces of Bologna and Modena [89–91] and for single-site studies, such as the San Leo (Rimini
Province [92]) and Berceto (Parma Province [93]) landslides. InSAR data were employed in Liguria to
characterize and estimate the motion of single landslides such as Castagnola (La Spezia Province [94]),
Lemeglio (Genova Province [95]), and Santo Stefano d’Aveto (Genova Province [96]).
As a result of the high seismicity of some sectors of the Central Apennines, earthquakes are not
negligible triggering factors for landslides. Thus, satellite interferometry was used to map moving
slopes after mainshocks, such as the 2016 Amatrice earthquake, which heavily impacted Marche, Lazio,
and Abruzzo [97–99], or the 2009 Aquila earthquake [100]. In the Central Apennines, InSAR has been
also used for classical landslide mapping, such as in the Maiella relief [101,102], in the Biferno Valley
(Campobasso Province, Southern Molise [103]), and in Northern Molise [104,105]. Other authors
exploited the satellite interferometric data for single-site characterization, as in the case of the Mt.
Frascare DSGSD (Macerata Province, Marche region [106]) or for the Ancona (Marche region [107])
and Agnone (Isernia Province, Molise region [108]) landslides.
Campania, Basilicata, and Calabria are located along the Southern Apennines, and were the
testing ground for successful InSAR studies. In Campania, some authors handled the InSAR results
for landslide mapping and detection at the regional and provincial scale, aiming for the update of
landslide inventories [109–113]. Single landslide studies were produced as well, such as for the Moio
della Civitella (Salerno Province [114,115]) and Calitri (Avellino Province [116,117]) landslides.
Basilicata region proposes some interesting landslide case studies from the Province of Potenza and
Matera. Authors focus their analysis on the Montescaglioso [118–120], Maratea [121], Avigliano [122],
and Costa della Gaveta [123] landslides.
Cosenza is the Calabrian province with the highest number of published research articles,
12 in total. InSAR was applied for landslide mapping and characterization in some municipalities,
such as Lungro [124,125], Verbicaro [126,127], and Cerzeto [128]. Other relevant examples of single
landslide characterization come from Gimigliano (Catanzaro Province [129]) and Papanice (Crotone
municipality [130]). In addition, satellite interferometric products were exploited for landslide mapping
and a state of activity assessment at the province and basin scale [131–136].
5. Statistical Evaluation of the Database
Figure 3 presents some significant statistics extracted from the database of scientific articles
considered in this review work.
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The largest part of the papers has as first author a researcher belonging to the academic world (68%
of the total) or to national inst tutes and ag ncies (22% of the total). Just a few papers are presented
by private companies (InSAR providers and consultants) or by members of regional institutions.
Twenty percent of the papers comes from non-Italian universities or research centers, mainly from
Spain and secondly from Austria, China, Great Britain, Japan, and Switzerland.
By the point of view of the processing technique used to select the radar targets, 49% of the authors
have applied a Persistent Scatterer Approach (PSI), based on point-like targets. Thirty-nine percent of
the authors performed an analysis based on distributed or homogeneously distributed scatterers (DSI or
HDSI). Ten percent of the authors used classical differential interferometric approaches; this is the case
of the early applications or of the works aimed to map landslides in non-urban areas (e.g., [104,121]).
Seventy-five percent of the authors used C-band data to perform their analysis. On one side, this is
related to the availability of such radar images in the decade 1999–2009 (Figure 1). On the other side,
C-band performs better outside of urban areas and in landslide mapping activities at the basin to
regional scale. X-band is preferred when the target landslide is directly involving an urban area
and where building-scale analysis is required. Twenty percent of the authors opted for multi-band
approaches, a few involving L-band images as well (e.g., [88,97]).
Many different landslide typologies have been the target for InSAR analysis. It is worth recalling
that InSAR is able to detect the motion of extremely slow to slow phenomena to avoid phase aliasing.
Many authors (24% of the total) did not focus on a specific landslide typology. This is the case of
mapping and inventory update activities at regional to municipal scale or of those works including
multiple case studies. The most analyzed landslide typologies are complex (22% of the total), DSGSD
(9%), rotational (8%), and roto-translational (8%). These numbers are clearly an expression of the
abovementioned limitation of the InSAR technique when dealing with fast motions. Moreover, it is
common to have parts of or entire villages located on the top of large slope deformations, which are
the ideal target for an InSAR analysis.
Validation is an important task for many authors, as testified by the percentage (68%) of papers
presenting at least one approach to validate the satellite results. The most common validation practices
include ground surveys, aimed to collect geomorphological evidence or damage catalogues (13% of
the total). Inclinometers (11% of the total) and topographic leveling (10% of the total) are other trusted
sources of validation data.
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6. How InSAR Products Have Been Used for Landslide Studies in Italy
With the aim of providing a comprehensive overview of InSAR applications in Italy, we defined
six macro-classes of data usage:
• Back-analysis: Satellite radar images are analyzed in response to the occurrence of a highly
impactful and damaging landslide. InSAR is used to reconstruct the recent history and evolution
of the landslide, as well as to investigate possible motion precursors before its catastrophic failure.
• Characterization: The activity focuses on a single landslide, where the classical geomorphological
analysis, supported by ground survey evidence and in situ measurements, is integrated with
interferometric results. Commonly, multi-band and multi-sensor data are used to cover the largest
temporal span possible, reconstructing the evolution of the landslide. Such activity is mainly
focused on the evaluation of the potential risk posed by the landslide, assessing its behavior and
the possibility of a future failure.
• Input for models: Satellite evidence can become the input for different kind of models, depending
on the working scale and on the landslide typology. For example, interferometric data can be used
as inputs for landslide susceptibility refinement or for landslide model calibration and validation.
This activity emphasizes the high interoperability of InSAR data with models and ancillary data
in general.
• Landslide inventory update: One of the most useful features of InSAR products is the wide-area
coverage coupled with millimeter accuracy. This potential is exploited for landslide inventory
refinement, where landslide databases are available. This activity comprises the definition of
the state of activity of known landslides, information to be used for urban planning, and risk
management purposes, including the identification of stable areas for relocation [128];
• Mapping: This activity aimed to show what is moving in an area. Interferometric data are a
valuable support to detect the motion of new and unknown landslides within the technical
boundaries of the technique, in terms of maximum measurable displacement and considering the
land coverage.
• Monitoring: The most advanced application of interferometric products, relying on a frequently
updated processing plan. This activity is possible thanks to the low revisiting time of the most
recent satellite constellations, such as Sentinel-1 (6 days) or COSMO-SkyMed (4–16 days). Satellite
monitoring cannot be considered as a real-time product for obvious reasons, but, for some landslide
types, a bi-weekly update frequency is enough to follow their evolution. Indeed, some authors
refer to this activity as “near-real-time monitoring.”
This classification is subjective and reflects the points of view of the authors of this review paper.
Many articles were connected to multiple classes since different data exploitation methodologies have
been applied. The percentages of papers for each category are shown in Figure 3. Some considerations,
supported by study cases for each usage category, are proposed in the following sections.
6.1. Back-Analysis
When a landslide occurs, one of the first questions asked to experts and scientists is: Did the
landslide show any precursory sign that could have been used to forecast its occurrence? The answer is
not immediate if in-situ deformation monitoring systems are not available. Thanks to the possibility to
back-track the target deformation over the past 28 years, satellite interferometry is a very good answer
to this question.
Post-failure reconstruction of landslide behavior using InSAR data is a rather new application
in Italy. This is due to (i) landslide type, as many landslides in Italy are connected to intense rainfall
events that trigger newly or reactivated fast to very fast landslides, whose pre-failure can be considered
instantaneous by the point of view of satellite interferometry; (ii) unfavorable morphology and land
use of the slope; and (iii) the fact that InSAR is sometimes not a priority for some geohazard risk
management entities, and it is not well integrated in risk management practices. It is worth recalling that
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the Italian Civil Protection usually requests interferometric analysis in the case of damaging landslide
events (when technically feasible). Raspini et al. [128] showed that satellite interferometry has been used
in every phase of the Civil Protection cycle, starting from prevention to recovery. Infante et al. [137]
used InSAR to monitor strategic buildings in the framework of civil protection activities.
Nutricato et al. [138] analyzed a set of COSMO-SkyMed images with the SPINUA algorithm [28]
in order to reconstruct the recent history of a slope affected by landslide whose runout interrupted the
underlying railway line along the Ligurian coast, causing the derailment of a train. The PSI analysis
confirmed the motion of the upper portion of the slope, in the proximity of the crown of the landslide,
some years before its failure.
In February 2010, a large complex rotational landslide affected the eastward part of the town
of San Fratello in the Nebrodi Mountains (Northern Sicily), and caused severe damage to tens of
buildings. Bardi et al. [42] investigated the pre- and post-event behavior of the landslide combining
satellite- and ground-based interferometric data. On the one hand, Envisat and RADARSAT-1 InSAR
products confirmed the motion of the central portion of the landslide five years before its failure. On the
other hand, COSMO-SkyMed InSAR data and Ground-Based Interferometry (GBInSAR) deformation
maps allowed for the detection of residual motions in the whole crown area of the February 2010
failure. This approach was followed by Frodella et al. [92] in the case of the San Leo rockfall event of
27 February 2014. In this case, GBInSAR and InSAR measurements were integrated with terrestrial
laser scanning data.
Confuorto et al. [130] characterized the pre- and post-failure evolution of the Papanice landslide
(Crotone Province, Calabria), which occurred on 23 February 2012. Two different stacks of TerraSAR-X
images were analyzed using the Coherent Pixel Technique-Temporal Sublook Coherence (CPT-TSC)
and SBAS techniques. The interferometric analysis was supported by rainfall data, geomorphological
evidence collected during ground surveys and slope stability analysis. This compound study allowed
the authors to visualize the pre-failure evolution of the landslide and to highlight the activation of a
landslide sector which was incorrectly considered stable.
InSAR is a powerful technique for ground motion assessment when the velocity of the phenomenon
of interest does not exceed the phase unwrapping limits imposed by the nature of the radar signal.
Some authors overcame this limitation by applying amplitude-based techniques, which allowed for the
reconstruction of the sin-event deformation field. Manconi et al. [139] and Raspini et al. [118] applied,
for the first time in Italy, the pixel-offset amplitude tracking to reconstruct the deformation field of
the large complex landslide of Montescaglioso (Basilicata region). This approach was followed by
Solari et al. [140] in the case of the Ponzano landslide (Abruzzo region). X-band images were the input
for the pixel-offset analysis. Amplitude-based investigations were supported by multi-interferometric
products and geomorphological evidence collected during ground surveys.
6.2. Landslide Characterization
Single studies aimed to the recognition of the spatial and temporal pattern of a landslide are
the most common applications of InSAR in Italy. Satellite data are the perfect support for landslide
characterization activities, where an on-site measurement network has been already deployed, or where
the motion of the landslide is known or supposed, and additional information is required.
One of the very first applications of DInSAR for landslide characterization comes from Northeastern
Sicily [141]. The Randazzo landslide (Catania Province) was the target for an integrated analysis
between ERS1/2-derived interferograms, topographic surveys, inclinometric data, and groundwater
level measures. Although in the early stages of the technique, satellite interferometry provided useful
information for the landslide state of activity, confirmed by ground evidence.
The Assisi–Ivancich landslide is an example of a known hazard whose activity has been determined
by several authors using satellite interferometry [54] and references therein. This roto-translational
landslide affects a part of the urban area of the city of Assisi [58]. Castaldo et al. [58,59] report that the
landslide motion is constant over time (with an average deformation rate around 1 cm/yr), regardless
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of the water table fluctuations. Its activity appears to be controlled by viscous factors. The landslide
motion over time has been characterized by means of different radar sensors (both C- and X-band),
and of various processing techniques. The satellite analysis was supported by ground measures,
e.g., inclinometers, and by other remote sensing sources, e.g., Global Navigation Satellite System
(GNSS) data.
In synthesis, landslide characterization is based on:
• One or more interferometric datasets, including multi-band approaches (e.g., [56,95,108,142,143]);
• Geotechnical parameters of the landslide mass and bedrock (e.g., [80,95,144,145]);
• Ground survey evidence and geomorphological features, such as ground fissures, cracks or
trenches, and/or building damage (e.g., [45,66,146–148]);
• In situ measurements, such as inclinometers (e.g., [96,149–151]);
• Additional remote sensing monitoring tools, such as topographic levelling techniques, TLS
(Terrestrial Laser Scanning), or GBInSAR (e.g., [76,92,148,151]);
• Geophysical surveys data, such as seismic or geoelectrical surveys (e.g., [122,152]);
• Photogrammetry (e.g., [108,153]);
• Thermography (e.g., [144,154]);
• Rainfall data, hydrogeological conditions, and water table fluctuations (e.g., [123,155]).
6.3. InSAR Data as Inputs for Models
Satellite-derived displacement information has been used by some authors as input or calibration
for models. InSAR is a precious resource where in situ measurements are unavailable or where the
working scale does not allow for the acquisition of thousands of point-like data. Models usually require
high-quality inputs, a requirement fulfilled by InSAR products, which can reach millimetric accuracy
in the estimation of annual velocity.
Our bibliographic review revealed that there are two main areas where InSAR is used as input for
models: single landslide modelling or basin-scale susceptibility modeling.
The first activity is aimed to the quantification of the landslide kinematic, for assessing the current
landslide behavior and forecasting its future evolution [156]. A good coverage of InSAR measurement
points allows for the detection of landslide sectors with different velocities. This information is
fundamental for the proper definition of the model boundaries, and for the identification of different
kinematic areas (e.g., [121]). InSAR can provide a temporal overview of landslide behavior several years
before the time of the analysis. Multi-temporal InSAR results are used to optimize time-dependent
landslide models, and as a starting point to forecast the future evolution of the phenomenon on the
basis of viscosity/creep models (e.g., [58]).
The goal of landslide susceptibility is to produce maps indicating the propensity of an area to
generate landslides [157]. Hundreds of types of numerical susceptibility models exist, more or less
complex and based on different input data, parameters, and validation methodologies. For a review of
susceptibility models, we refer to [158]. Some authors proposed landslide susceptibility models refined
by means of InSAR data. For example, Ciampalini et al. [51] presented a methodology for susceptibility
map refinement in the Nebrodi Range (Northern Sicily), based on X-band SqueeSAR ascending
and descending datasets. First, line of sight velocity was projected along the slope. An empirical
contingency matrix that considers the susceptibility degree, and the projected velocities are then used
to integrate the two datasets. As a result, the prediction capability of the Random Forest algorithm
used the generate the landslide susceptibility map was improved. A similar approach was recently
followed in the case of the Sorrentina Peninsula (Campania region [159]).
In recent years, InSAR results have been used for a further model purpose: as input for the
calculation of fragility curves for concrete and masonry buildings. The fragility curves represent the
probability of exceeding a given damage as a function of ground displacements. Satellite-derived
deformation is used to tune the fragility curves and to provide velocity measures for each damaged
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building whose state of conservation is assessed through ground surveys. This engineering
methodology has been applied to landslide studies supported by interferometric results by, e.g.,
Peduto et al. [160], Del Soldato et al. [161], and Infante et al. [162].
6.4. Landslide Inventory Update and the State of Activity Definition
Thanks to the wide-area coverage, InSAR is the perfect tool to update and modify the boundaries
and the state of activity of known landslides. Considering the impact of these phenomena in the
Italian Peninsula, regional and national catalogs already exist; the IFFI database is an example [2].
However, a constant update is needed to improve risk management activities. The update of landslide
inventories is a demanding task, especially where databases of events or high-resolution optical images
are lacking. For this reason, InSAR was chosen by some authors as a support for landslide inventory
updates and, most of all, for the definition of landslides’ state of activity.
One of the first examples comes from the Arno River Basin (Tuscany region), the testing ground of
the SLAM (Service for LAndslides Monitoring) project, funded by the European Space Agency [32,33].
In the following years, many applications were proposed in different Italian regions, such as Molise [103],
Calabria [131,133], Sicily [51,163], Tuscany [164], Emilia Romagna [165], and Lombardia [166], and at
the basin scale, as in the case of the Liri-Garigliano and Vulturno basins [112,167].
The update of landslide inventories is a complex activity that requires both ancillary information,
i.e., geomorphological maps, orthophotos or preexisting inventories, and expertise in the field. This
activity cannot be automatized, and it always requires the support of InSAR experts. All the intrinsic
uncertainties of the interferometric technique and the distribution of measurement points within a
landslide area must be taken into account. Since InSAR is an opportunistic technique, i.e., able to
derive information only from well-defined objects (the PS/DS), the update of landslide inventories will
be more precise in urban or peri-urban areas. The expert judgment is relevant, especially where the
point density is low, and where the support of ancillary information is required.
Landslide activity matrices are a useful tool to estimate the state of activity of landslides.
The activity matrix approach exploits multi-temporal InSAR datasets as indicators of activity and
intensity of landslide processes [126]. Different versions of activity matrices were developed in recent
years [84,103,126,130–133]. All these approaches are aimed to the evaluation of the temporal evolution
of landslides, highlighting reactivation and stabilization cycles.
6.5. Landslide Mapping
Where landslide inventories are not complete or outdated, InSAR can support the classical
landslide mapping activities conducted by means of digital orthophotos or satellite optical images.
DSGSD landslides are flank-scale phenomena with very slow annual deformation rates (usually
below 1 cm/year [168]), whose contour is sometimes unknown or not included in landslide inventories.
InSAR was used to support DSGSD mapping activities in the Lombardia [65,66] and Valle d’Aosta [71,
72,169] regions in the Alps, in Abruzzo [170] and the Marche [106] regions in the Central Apennines,
and in the Palermo Province (Sicily [171]). In particular, the Valle d’Aosta DSGSD inventory was
produced starting from ERS 1/2, and Envisat interferometric results obtained in the frame of the PST-A
project [30]. DSGSD monographies connecting InSAR data and geomorphological features were the
outputs of such activity [169].
Slow-moving landslides along the Apennines were the target of several InSAR mapping
applications. Going from north to south, some valuable examples come from the Provinces of
Bologna and Modena (Emilia Romagna region [91]), the Maiella Massif [101,102], the Daunia (Puglia
region [172,173]), the Northern Molise region [104,174] and the Crati Valley (Calabria region [135]).
Some authors used InSAR as a mapping tool in response to earthquakes, such as the 1997
Umbria–Marche event [175], the 2009 Aquila earthquake [100], and the 2016–2017 Central Italy
sequence [97–99]. Other authors evaluated the presence of active landslides along main transportation
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routes, such as in the Isarco Valley (Trentino Alto Adige region [176]), or in the Cosenza and Crotone
Provinces (Calabria region [136]).
Recently, some authors proposed new techniques to semi-automatically extract clusters of moving
points, focusing on active (and potentially unknown) landslides. These “hot-spot” approaches are
useful for landslide mapping activities when the working scale requires the analysis of millions of
measurement points. The concept has been developed by Bianchini et al. [132] and further improved by
Barra et al. [177]. In Italy, the hot-spot mapping approach has been applied in the Valle d’Aosta [73,74]
and Tuscany [178–180] regions. More complex clustering approaches were proposed by Milone &
Scepi in the Avellino (Campania region) area (CLARA, Clustering LARge Application algorithm [181])
and by Lu et al. [35,37,182] for the Arno River Basin and the Volterra municipality (Tuscany region).
The principal component analysis was applied by Bordoni et al. [85] for landslide mapping in the
alpine sector of the Piemonte region.
6.6. Landslide Monitoring
The term “monitoring” can have different facets. Some authors use “monitoring” to indicate
the analysis of multi-temporal InSAR datasets that are not updated and refer to a defined time
period. In this review, these applications can fall into the categories “back-analysis” or “landslide
characterization.” For the authors, “monitoring” refers to the most novel applications of satellite
interferometry, focused on time series data mining and near-real-time approaches. It is worth recalling
that, as defined by the Decree of the President of the Council of Ministers (DPCM) of 27 February 2004,
any monitoring activity with a temporal update of less than 30 days is considered real-time.
Interferometric data can evidence accelerations and temporal changes relevant for the detection
of a modified behavior of the landslide, potentially leading to its failure [183,184].
A satellite monitoring system requires a dedicated processing platform (with high capacity
requirements) and an algorithm able to detect time series changes. Some authors have worked on the
definition of methods applied in Italian case studies to highlight such temporal shifts.
Cigna et al. [185] proposed a manual classification of time series to identify trend changes induced
by ground motion. The same author improved this methodology by proposing a semi-automatic
method, based on the definition of two statistical indexes (Deviation Indexes, DI) able to quantify the
trend differences before and after a breaking time defined by the user [186]. Berti et al. [89] further
automatized this process and developed a standalone application able to classify a set of time series
according to their temporal pattern: (i) uncorrelated, (ii) linear, (iii) bilinear, (iv) quadratic, and (v)
discontinuous. The software was tested on Envisat InSAR products and applied in some municipalities
affected by landslides in the Emilian Apennine.
These tools were developed when satellites had long repeat pass times and a real monitoring
service based on such methods that could not be deployed. Recently, the launch of the Sentinel-1
constellation greatly reduces the temporal acquisition frequency, up to 6 days. This factor, altogether
with the open policy on data distribution and the wide-area capabilities, made Sentinel-1 images the
perfect candidates for the launch of the first satellite monitoring systems. This could not be possible
without the consolidation of processing algorithms and the availability of cloud computing services.
The Tuscany region is the first worldwide example of such services. Sentinel-1-derived InSAR
products are used for the early detection of landslides and other ground motions [187]. Raspini et
al. [155] showed that it is now possible to detect landslide temporal changes accordingly to external
triggering factors, e.g., an intense rainfall event. The main limitation of this method is related to the
magnitude of the acceleration. Indeed, if the trend change exceeds the phase unwrapping capability
of the deformation model applied, phase aliasing cannot be avoided, and the acceleration cannot be
properly detected.
Table 1 proposes a summary of the reference papers used in this review to present each class.
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Table 1. Summary of the reference papers for each category of InSAR application. For the complete
reference list, we refer to the six sub-sections of Chapter 6.
Application Author and Reference Number Type of Analysis
Back-Analysis
Nutricato et al. [138] Reconstruction of the pre-failure motion of alandslide that interrupted a railway track
Bardi et al. [42]
Reconstruction of the pre- and post-failure behavior
of landslides integrating satellite and ground-based
interferometry
Confuorto et al. [130]
Post-failure InSAR investigation supported by
rainfall data, geomorphological evidence, and slope
stability analysis
e.g., Solari et al. [140] Integration between phase- and amplitude-basedtechniques for post-failure landslide investigation.
Characterization
e.g., Bovenga et al. [56] Integration of multi-band InSAR data
e.g., Tofani et al. [96] Integration between InSAR and in situdeformation measurements
e.g., Frodella et al. [92] Integration of satellite- andground-based interferometry
e.g., Carlà et al. [77] Integration with GNSS data
e.g., Ciampalini et al [45] InSAR analysis supported by buildingdamage surveys
e.g., Refice [144] Integration between InSAR and borehole information
e.g., Calamita et al. [122] InSAR analysis supported by electrical tomographyand seismic profiles
e.g., Del Soldato et al. [108] Integration between InSAR and multi-temporalphotogrammetric reconstruction
e.g., Pappalardo et al. [154] Combination of InSAR and thermography
e.g., Raspini et al. [155] Rainfall data to characterize landslide motion
Input for Models
e.g., Berardino et al. [121] InSAR used to tune landslide models
Ciampalini et al. [51] & Spinetti et al.
[159] Landslide susceptibility map refinement
e.g., Del Soldato et al. [161] & Infante
et al. [162]
Definition of fragility curves for buildings affected by
active landslide
Inventory Update
e.g., Cigna et al. [131] & Cascini et al.
[167] Landslide inventory update at the basin scale
e.g., Calvello et al. [112] Definition of landslide state of activity
Mapping
e.g., Frattini et al. [66] & Cignetti et al.
[71] DSGSD mapping in an alpine context
e.g., Bayer et al. [91] & Barra et al.
[104] Slow-moving landslides mapping in the Apennines
e.g., Moro et al. [175] & Polcari et al.
[98] Earthquake-induced landslides
Nappo et al. [136] & Simeoni et al.
[176] Landslide mapping along transportation routes
e.g., Barra et al. [177] & Solari et al.
[73] Hot-spot-like approaches
Monitoring Raspini et al. [155,187] InSAR-based monitoring service of theTuscany region
7. Final Remarks
This paper presents an overview of the temporal and spatial distribution of scientific papers
related to satellite interferometric analysis of landslides along the Italian Peninsula. More than 250
papers were analyzed to provide a 20-year overview of the most common and uncommon applications
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of satellite interferometry. Moreover, emphasis was given to the early applications and to the most
recent advancements (Table 2).
Table 2. Summary of the pioneering applications and of the most recent advancements of InSAR for
landslide studies in Italy.
Authors Type of analysis
Pioneering
Applications
Ferretti et al. [25] First application of a PSI approach to characterize theAncona landslide
Rizo & Tesauro [141] One of the first examples of integration betweenground and satellite data
Farina et al. [33] First example of landslide inventory updatesupported by InSAR products at the basin scale
Nitti et al. [27] First integration between C-band and X-band InSARdata for landslide studies
Berardino et al. [121] First example of integration of InSAR results inlandslide models
Cigna et al. [126]
Definition of the concept of a “landslide activity
matrix” for landslide state of activity and
intensity definition
Bianchini et al. [132] Definition of the concept of an InSAR “hot-spot” forlandslide mapping activities
Cigna et al. [185,186] &
Berti et al. [89]
First approaches for time series analysis aimed to
manually and automatically detect trend changes
Costantini et al. [32] First worldwide example of nation-wideinterferometric coverage
Recent
Advancements
Ciampalini et al. [51] Landslide susceptibility map refinement by means ofInSAR results
Di Martire et al. [188] LaDIS validation approach
Huang et al. [97] Earthquake-induced landslide mapping
Peduto et al. [160] Definition of fragility curves derived fromInSAR data
Bonì et al. [84]
Landslide state of Activity Maps by
combining multi-temporal A-DInSAR data
(LAMBDA) approach
Lu et al. [182] Persistent Scatterers InterferometryHot Spot and Cluster Analysis (PSI-HCA)
Manconi et al. [139] &
Raspini et al. [118]
Amplitude-based techniques for landslide
post-event analysis
Solari et al. [74] Hot-spot approach aimed to landslide intensitymapping at the regional scale
Raspini et al. [187] Ground motion monitoring system based on a 12-dayupdate of InSAR products over the Tuscany region
The case studies proposed by Chapter 5 confirmed the potential of InSAR for landslide detection,
mapping, and monitoring. InSAR has some intrinsic limitations that must be always taken into account
when analyzing landslides. Among many, the most important are as follows:
• The spatial sampling of measures. The density of measurement points over an area is uneven. Due
to the dependency of radar coherence on the dielectric characteristics of the ground, vegetated,
smooth and snow-covered surfaces have null to very low density of points. This is an unsolvable
issue that can limit the number of landslides to be investigated, or the amount of information
obtainable for a single phenomenon.
• The geometric effects. Foreshortening, layover, and shadowing are common geometric distortions
in mountainous areas. Depending on the slope orientation with respect to the LOS of the sensor,
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some landslides could be detected, whereas others could not be in any case monitored. Thus, it is
fundamental to know a priori whether our target landslides are measurable or not. The creation
of a visibility map for the area of interest is a simple but effective way to estimate this before data
processing [73,88].
• The one-dimensional nature of the results. InSAR provides the estimate of one component of the real
displacement vector, i.e., along the LOS direction. This implies that the 3D motion of a landslide
can be viewed from only one point of view. Since the kinematic of a landslide is complex, a good
practice is to derive the vertical and the east-to-west horizontal components of motion from double
geometry InSAR data [e.g., 96].
• The kinematic of the landslide. In a noise-free situation, the radar signal should not change by
more than a quarter-wavelength (e.g., 14 mm for C-band sensors) between two consecutive
samples. Due to noise, this threshold is in reality lower. Because of this, landslides characterized
by non-linear deformation rates higher than 2 mm/day are challenging targets for InSAR. InSAR
processing based on linear phase unwrapping would not be able to capture such motions.
Higher order deformation models may be applied to solve the phase ambiguity for single
applications [189].
For a more comprehensive review of InSAR limitations for landslide studies, we refer to Wasowski
& Bovenga [19] and to Bovenga et al. [190].
Although these well-known (and sometimes predictable) limitations exist, the interferometric
technique is a reliable choice for many landslide-related applications, such as the following:
• Landslide mapping over wide areas. As seen in Section 6.5, it is possible to retrieve reliable information
about the presence of landslides over entire basins or regions. The analysis is limited to certain
landslide types, i.e., extremely slow and very slow landslides, according to the Cruden & Varnes
classification [191]. Moreover, the quality of the results depends on the land cover, the presence
of snow or geometric effects. Nevertheless, InSAR is useful when no other ground or remotely
sensed information is available or where it is impossible to gather them. In Italy, InSAR gave
positive responses for landslide mapping in both Alpine and Apennine contexts.
• Landslide state of activity estimation. InSAR is becoming a reliable and recognized tool to assess
the multi-temporal behavior of landslides, including the evaluation of their state of activity. This
line of research is relevant for land planners since the presence of an active landslide forbids
the construction of new structures. Landslide databases sometimes lack information about the
current activity of landslides, limiting the correct management of a territory. InSAR is the right
tool to provide such information and to be included in regional/national landslide-related policies.
The Tuscany region is an example of this [152,164].
• Landslide characterization. One of the more powerful characteristics of InSAR is its multi-scale
capability. With proper processing configurations and according to the satellite band, it can be
profitably employed from the continental to the local scale. In the second case, it is the perfect
complement for in situ motion instruments and for use as input for landslide models.
• Back-analysis. Nowadays, an InSAR database can cover a 28-year time span with different
satellite images acquired by multi-band sensors. This is a relevant feature for the post-collapse
reconstruction of the landslide behavior.
Considering that InSAR is used not only for research purposes, but also to produce outputs
for national or regional entities, data validation is a common request and requirement. Validation
is the process to evaluate the applicability and detection capability of the InSAR products through
an independent assessment, i.e., by using external data not connected to the data production. In the
context of InSAR, validation is aimed to demonstrate the completeness and reliability of satellite
measurements. Almost 70% of the revised paper highlighted the need for validation data of various
types, ranging from classical in situ instruments to other remote sensing monitoring tools, such as GNSS,
GBInSAR, or TLS (cfr. Section 6.3 and Figure 3). Validation was performed at a single landslide scale
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and when managing a large InSAR dataset. For example, Di Martire et al. [192] validated the results
of the national interferometric coverage produced in the frame of the PST-A project. These authors
proposed a validation approach known as the Landslide Detection Integrated System (LaDIS, [188]).
Two hundred forty-nine sites were chosen as field validation targets affected by landslides. LaDIS
is based on the comparison between landslide inventories derived from field survey evidence and
satellite data. The coincidence between satellite data and ground truth is evaluated in four classes,
ranging from 1—total coincidence—to 4—no coincidence [192].
8. Future Perspectives
InSAR is growing in popularity in the last years, especially outside of the academic world.
The increasing attention paid to such data from different non-research entities is a clear evidence of
this. In a wider context, the possible future evolutions and new advancements include the following:
• The increase of repeat pass time offered by the latest radar constellations allows and will allow for
a better temporal definition of the landslide behavior over time. This opens new lines of research
for time series data mining algorithms, and for the back-analysis of landslide events. The latter
activity is certainly aided by the capability to construct 28-year-long time series. Moreover,
some authors have already exploited InSAR as a calibration tool for landslide models, and we
expect that, with a larger diffusion of such data, this activity will increase in the future.
• The increasing diffusion of InSAR products over wide areas will stimulate the integration of
radar and optical results for the improvements of available landslide inventories. Moreover,
the all-weather acquisition of radar satellites can be exploited to map landslides connected to a
specific event in the areas of the world where cloud coverage is a recurrent issue. The future
launch of the Radar Observing System for Europe L (ROSE-L) constellation by the European
Space Agency will certainly offer new capabilities for landslide mapping and for InSAR analysis
in general [193].
• The wide area capability and the level of accuracy of InSAR results have allowed some scientists
to develop integrated approaches for qualitative and quantitative landslide risk assessment.
In our opinion, this line of research has much room for improvement. Moreover, it is expected that
InSAR will be integrated in civil protection practices and in landslide risk management chains.
• The Sentinel-1 constellation opened new horizons for landslide studies, allowing for the
development of near-real-time monitoring systems, as testified by the example of the Tuscany
region [187]. Such applications encourage a different use of InSAR data, trying to forecast rather
than back-analyze or map landslides. On the one hand, these approaches surely carry a great
potential for landslide risk management and civil protection activities. On the other hand, this data
requires the continuous control of InSAR experts; such activity produces complex outputs that
need to be interpreted before being disseminated to stakeholders. Moreover, as intrinsic for a
novel near-real-time tool, the number of false positives is not negligible, and should be taken into
account with proper data management and dissemination strategies.
• Italy is collecting user requirements for the future national ground motion service (GMS) based
on Sentinel-1 and COSMO-SkyMed PSI and DSI products. The project is designed as the Mirror
Copernicus Downstream Service and is one of the expected products of the Italian Space Economy
Strategic Plan [194]. This service follows the examples of previously launched GMSs, such as
InSAR Norway [195] and the German Ground Motion Service [196]. Such services are of pivotal
importance for landslide mapping activities at a national and regional scale. Moreover, the GMSs
are currently used and will continue to be used by researchers, public entities, and private
companies to assess the status of known and unknown landslides. Depending on the temporal
update of the data and on the target phenomenon, the services could be used for landslide
mapping or monitoring activities.
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• In 2017, the Copernicus User Forum and the Copernicus Committee unanimously approved the
addition of the European Ground Motion Survey (EGMS) to the Copernicus Land Monitoring
Service’ product portfolio [197]. The idea of the EGMS started in November 2016, when the
EGMS Task Force began to develop the EGMS White Paper [198], which is considered the
conceptual framework for the current project. Over the next few years, the EGMS will deliver
consistent, regular, standardized, harmonized, and reliable information regarding natural and
anthropogenic ground motion phenomena (including landslides) over Europe. Considering
the successful experiences and the frequency of impactful landslide events, such service will
constitute a reliable baseline for landslide studies, hopefully guaranteeing a wider uptake of
satellite interferometric data.
• Despite the maturity of the interferometric techniques, the repeat pass time is still a major hurdle
for the use of satellite InSAR as tool for systematic monitoring, especially when dealing with very
short period events, such as landslide accelerations. Geological processes with strong deformation
magnitudes with respect to the temporal sampling may yield aliased results or be missed
altogether. In this scenario, another promising opportunity is represented by geosynchronous
satellite, whose observing capability can provide a novel set of measurements, specifically InSAR
at high temporal resolution (e.g., 1–12 h). This can be a game changer for solid earth applications.
Hydroterra is an example of a project exploring such new InSAR horizons [199]. Hydroterra
is currently a phase 0 candidate mission for the 10th Earth Explorer Programme of the ESA.
The aim of the project is to observe key processes of the daily water cycle by placing a single SAR
satellite in geosynchronous orbit. The Mediterranean, the Alpine Arc, Sahel, and other African
regions would be covered from a geosynchronous orbit slot positioned over Africa. The main
science goals are to improve the prediction capability of intense rainfall and related flooding and
landslides, improving the understanding of the diurnal water cycle. These goals will be supported
by providing estimates of soil moisture, integrated atmospheric water vapor changes, flood extent,
and information on snow melt. Secondarily, rapid response imaging of ground motion will enable
new science applications and near-real-time services.
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